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Scene Coordinate Regression does not store any explicit map representation.
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~ “The resulting maps can be as small as 4MB, and privacy preserving”
“SCR is said to be inherently privacy-preserving because there is no set of 2D or 3D points
to run the inversion attack on.”
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LVarious Scenario on ACE (7scenes)1

Black-Box Gray-Box White-Box

F1?24 F1°t CD| | F1?t F1°t CDJ | F1?1t F1°1 CD|
Chess 712 88.0 255 | 777 933 190 | 83.0 97.2 1.59
Fire 60.3 80.7 3.13 | 76.2 940 1.83 | 79.9 95.8 1.72
Heads 52.0 778 303 | 703 926 191 | 781 95.3 1.78
Office 712  89.7 229 | 76.2 920 2.19 | 82.7 96.2 1.65
Pumpkin | 61.1 79.7 3.67 | 68,5 &87.1 256 | 76.1 93.4 2.04
Redkitch. | 74.2 915 241 | 76.5 922 2.08 | 82.3 96.5 1.62
Stairs 46.2 721 479 | 489 76.1 3.57 | 58.8 84.8 2.96
Avg. 62.3 828 3.12 | 706 896 230 | 77.3 94.2 1.91
Qualitative result: 7scenes - Office
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LQuaIitative Reconstruction on ACE (7scenes)1
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L Generalization across SCR Architectures 1
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ACE [1] GLACE [3] DSAC* [4] ACE-G [5]

F1*?4 F1°t CD|| F1*1t F1°t CD|| F1*1t F1°1 CD|| F1*t F1°1 CD|

Chess 83.0 972 159 | 782 957 170 | 71.8 90.8 225 | 571 853  3.00

o Fire 799 958 172 | 8.4 964 167 | 71.8 914 215 | 589  85.6  3.19
& Heads 781 953 178 | 756 934 1.8 | 68.0 91.1 240 | 59.0 88.0  2.68
ﬁ Office 82.7 962 165 | 8.0 97.6 147 | 695 893 247 | 580 849  3.72
. Pumpkin 76.1 934 204 | 727 923 213 | 586 827 340 | 46.1 786  4.55
Redkitch. 823 965 162 | 89 970 154 | 656 8.5 274 | 552 842  3.36
Stairs 58.8  84.8 296 | 61.7 86.8 264 | 40.1  66.8 6.05 | 334  68.0 5.29
Avg. 77.3 94.2 191 | 765 942 186 | 636 8.5 3.07 | 525 821  3.68
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¢ KingsColl. | 64.0 925 013 | 39.0 739 025 | 225 571 045 | 251 623  0.40
T OldHosp. 451 748 025 | 496 774 024 | 295 617 045 | 272 690 0.45
8 ShopFac. 835 988 0.08 | 582 8.3 0.16 | 506 8.9 020 | 395 80.6 0.21
g StMarys 65.1 915 0.14 | 166 61.6 052 | 312 67.6 038 | 143  46.9 0.42
O GreatCourt | 43.3 748 0.29 | 9.0 269 1.36 | 339 637 056 | 222  57.7 0.64
Avg. 59.0 85.9 0.18 | 345 652 051 | 335 67.0 041 | 257 633 0.42

Qualitative result: 7scenes - Fire
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